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Summary Occipital Alpha Cycle Selection

Empirical Mode Decomposition is a data-driven algorithm which splits an oscillatory

signal into as set of Intrinsic Mode Functions with minimal distortion to non-linear and A segment of MEG data reconstructed at an occipital source can be seen below (A). The
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Here we apply a masked EMD analysis to MEG recordings of Occipital Alpha at rest and distribution of power in these IMFs as a function of time and instantaneous frequency (C). A 5 O]
Sensorimotor Beta during a finger tapping task (data taken from the SAILS toolbox This is much higher resolution than standard approaches such as Morlet Wavelets (D). 5 ]
example data: https://qgitlab.com/sails-dev/sails-example-data ) The IMFs identifid by EMD make a :2_
k | ‘ |
' | l | | 1 A \ l . . . i ]
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ME1 instantaneous phase (B). Cycles with .. |
e T o incomplete or distorted phases are
S R L e T T e A AR T o [ R Ve R T T T A P U e eV e T 1 T discarded. Secondly, the maximum — Cycle Max Amplitude
B .. instantaneous amplitude of each cycle 9] T Threshol
Software e somoued o Treaharde by & i
All analyses are carried out in the python 3.7 in using the python EMD toolbox. Software o percentile to remove small cycles C). )
installation and documentation can be found online at: M~ " — "/ Theste (?r|terr|]§ irﬁ'cﬁmbmle'td ;O Igeﬂ’[;fy f
events in which high amplitude bursts o N |
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Click on the ‘Binder’ link to run the tutorials in an interactive web-notebook - no install C :.. - ! - 5
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Guides to help get you started with data analysis using the EMD toolbox.

1000
e Download all tutorials as Python files or Jupyter notebooks . Individual tutorials can be down-

loaded from their respective pages.
« Launch the tutorials as interactive notebooks running on a cloud server using the Binder link above.
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See the Installation Instructions for details on getting started running your analysis. To get started with these
tutrials, you can download a tutorial-specific conda environment .
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Quick-Start: Running a Why use EMD?
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Siftin 5 | These single cycles can then form the basis for
& | | - A f MEG f | " | | g further analysis, in this case we look at a post-
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